Abstract
expenses. In another study, Mottiar (2006) to pay increases as time gets closer to the date of stay, the extent of the change depends on 32 the customer's search cost. In particular, customers with a low search cost had significantly 33 higher willingness to pay as the date of stay comes closer. Another behavioral study 34 investigated customer willingness to pay in green hotels. Kang, Stein, Heo, and Lee (2012) 35 found a positive relationship between the customer level of environmental concern and the 36 willingness to pay for the green initiatives of a hotel. The findings of the study indicated 37 the positive relationship between the hotel category and the willingness to pay, and the 38 willingness of male customers to pay more for a premium than female customers. In their 39 studies, both Nicolau and Más (2005) as well as Perez and Sampol (2000) found hotel 1 accommodation is directly associated with higher tourist expenditure. As such, destination 2 promotions should be developed with special attentions to long-haul travelers.
3
For the determinants of hotel room prices, Zhang, Ye, and Law (2011) used regression 4 models to analyze whether and how hotel class, attributes of the room, and other factors 5 influence room rates. Using data from New York, the researchers found that room quality 6 and location are important determinants of room prices. However, the factors that can 7 influence room rates differ greatly among the various segments of the analyzed hotels. In 8 another study, Hung, Shang, and Wang (2010) applied quantile regression to examine the 9 major determinants of hotel room pricing strategies. The results showed that the number of 10 rooms, age of hotel, market condition, and number of housekeeping staff per room are the 11 major determining attributes of hotel room rates. These results, however, did not apply to 12 low hotel prices at the low price quantile. In addition, the proportion of foreign individual 13 travelers positively and significantly influences room prices for high-priced quantile hotels,
14
and allows hotel managers to setup pricing strategies accordingly. Lastly, Schamel (2012) estimated the willingness to pay for different hotel characteristics.
24
The major determining factors of hotel room prices include popularity ratings, hotel star 25 ratings, weeks of advance booking, and other hotel characteristics, such as express 26 checkout and room service. However, some factors, such as wireless Internet in the room 27 and wellness offers, are insignificant, as consumers generally consider such as standard 28 services.
29
In brief, the factors that influence hotel room rates can be summarized into four types of 30 physical factors, which are i) room size and facilities, ii) behavioral factors, such as when 31 to make the reservation and willingness to pay for additional service, iii) quality factors, 32 such as star rating, and iv) other factors, such as economic performance and number of 33 tourist arrivals. 
Management's Adoption of Pricing Strategy

35
To provide evidence that some financial characteristics are crucial for the hotel industry to 36 earn more profit, Hua, Nusair, and Upneja (2012) used a logit model to examine the relationship between the financial characteristics and outperformance of a hotel. Based on 1 the findings, the authors proposed that hotel managers should use industry medians to 2 benchmark financial performance. Similarly, Yang (2012) argued that hotel managers 3 should integrate a demand-based pricing strategy with a supply-based strategy for product 4 development. Arguing that hedonic pricing research has explored different variables that 5 determine room rates (e.g., location and hotel category), Becerra, Santalo, and Silvia 6 (2013) analyzed the effects of vertical and horizontal differentiation on pricing policies 7 adopted by Spanish hotels. The research findings indicate that differences in hotel category 8 explain a larger percentage of variance in both prices and discounts than hotel chains. Consumers are often interested to find the websites that offer the lowest room rates, but 10 they are also confused by the existence of several online distribution channels. To 11 understand further this behavior, Law, Chan, and Goh (2007) between distribution channel and hotel class. In addition, the overall price levels were 22 significantly higher for hotels with four and five stars because of the perceived price-23 quality relationship for hotel service.
24
To find out the relationship between price and quality in the hospitality industry, Henley, revealed no significant differences between rates from these two types of channels.
36
However, significant differences were found in rates within both direct and indirect 37 channels. More importantly, the authors negated the claim of lowest rate guaranteed as 38 stated by different hotel chains.
39
In summary, the abundance of prior studies on hotel room rates and the absence of a 1 commonly agreeable method that computes the determining factors of such rates strongly 2 hint at the need to conduct further research in the area. Hence, the present study adds values 3 to the existing hospitality literature by examining tourist expenditures obtained from 4 various online and offline channels on accommodation. The innovation of this study is its 5 novelty on investigating tourist accommodation price from customers' perspective. 
Data and Methodology
8
The data include a set of bookings for accommodations in Ascona-Locarno, Ticino, Switzerland, which were generated from different sales channels. In particular, the local To investigate the accommodation expenditure, the variable associated with the price per 28 person per night was selected as a dependent variable. The non-price variables described 29 in Table 1 were assumed to influence the level of expenditure, and were treated as 30 independent variables. In particular, the following standard linear relation is formulated: 
where the parameters and variables are as defined in Equation (1) refer to the conditional quantile functions Qτ(y|x), and are estimated as follows:
where τ ∈ (0,1) is the estimated conditional quantile (i.e., τ = 0.5 for the median), and βk (τ) 18 is the k-th coefficient associated with the τ quantile and variable xk. In common practice, Table 2 shows the determinants of price per person per night, which were estimated at the 27 10th, 25th, 50th, 75th, and 90th quantiles. We also presented the OLS results as reference.
Results
26
28
With the exception of the variable "business" (bookings charged to business companies),
29
all the other independent variables were significant in the OLS regression. Nevertheless,
30
the results of the quantile estimates were mixed and less straightforward, and allowed for 31 richer interpretations and more refined insights. We divided these determinants into two groups ( quantiles, and were, therefore, dissimilar to the OLS estimates.
6
Accordingly, "business," "summer," "star1," "advbook," and "nights" showed the same 7 effect on price per day per person in OLS and quantile estimates. Specifically, the variable 8 "business" was not significant, which indicated that bookings charged to business 9 companies did not lead to variation in prices, that is, they were not different from those 10 charged to individuals. As expected, seasonality had an effect because the variable
11
"summer" was significant. Room rates increased from the first of May through the end of 12 September, which was consistent with the study of Juaneda, Raya, and Sastre (2011). "Star 13 1" (star classification was assigned only to accommodations that belonged to industry 14 associations) had a specially strong negative effect on price compared to other higher-
15
ranked members of the accommodation associations and in relation to establishments that
16
were not members of any association.
17
The quality-price relationship seemed to exist, and, consequently, higher star rating 18 resulted in higher room rates among hotels within the association. Although this result was 19 foreseeable, the more interesting outcome is that hotels and holiday homes, which are not 20 members of any association, try to position themselves higher than the two-star category,
21
as compared to the accommodation types that belonged to associations. The number of 22 days between the booking and the first day of the stay (Advbook) had a positive impact on 23 price. Therefore, hotels tended to reduce their prices as the consumption day approached.
24
The non-business character of the reservation (only 2.45% of the samples were bookings Regarding the star classification, although the OLS estimated coefficient was significantly 34 negative for the "Star 2" variable, the value had a positive and significant effect for the 35 10th and 25th quantiles, and a negative and significant effect for the 50th, 75th, and 90th 36 quantiles. As expected, two-star establishments were less prone to set high prices, and thus,
37
were more inclined to set low prices. A similar pattern was observed for three-star hotels.
The OLS resulted in a significant and positive (and very small) parameter with positive 1 and significant 10th, 25th, and 50th quantile coefficients, a non-significant 75th quantile 2 coefficient, and a significantly negative 90th quantile coefficient. As for four-and five-star 3 establishments, positive and significant parameters were obtained from OLS estimates 4 (these categories are associated with higher prices, as expected), and decreasing patterns 5 were seen in the quantile estimated coefficients. These results proved that the constant 6 effect estimated through OLS was not actually constant across the quantiles. Table 3 ). This finding implied that the difference between direct 17 and indirect channels was biggest in high-priced establishments. On the contrary, the low-
18
priced hotels did not show any significant difference (none of the 10th quantile parameters 19 of hotel intermediaries were significant).
20
Finally, we found a significant and negative parameter for the "number of people in the represents a common discriminator of price in the hotel industry.
5
The results confirm the statistic relevance of the variables used as explanatory factors of 6 the accommodation expenditure. In particular, an increase of one night in the length of stay 7 would decrease the average daily accommodation expenditure by 2.5%. Similarly, a 1%
8 decrease in the price should, on average, be expected if the booking is made 10 days prior 9 to the actual stay. Reflecting the seasonal nature of the destination analyzed, 10 accommodation expenditure is expected to increase by 9.7% during the summer season
11
(from May to September).
12
The estimation of a quantile regression further allowed the identification of those factors While the daily expenditure for stays in one-star hotels is generally 30% lower than non- 
31
The findings allow the identification of several theoretical and managerial implications.
32
This study proves the appropriateness of using a quantile regression approach in modeling evidence was also found in terms of the non-linear effect of travel party size, such that the 10 variable should be treated by introducing both linear and quadratic effects.
11
From the managerial perspective, three major implications can be outlined from the current with the expected minimum quality standards and second, to detect potential "free-riders"
37
(i.e. hotels that achieve benefits (generally related to brand awareness, image and such as rewarding the loyal contributors, establishing penalties for the free riders, or simply 1 providing information on the situation. intermediaries (e.g., in terms of price agreements) is as expected and is at the optimum.
12
This fact also gives more importance to networking on the part of the hotels and the 13 activities set by DMOs, as promotional activities such as fam-trips and workshops, whose 14 main purpose is to make contacts with intermediaries, are still worthwhile.
15
An important avenue for further research is hereby opened. The statistical result, which
16
shows that the constant effect estimated through OLS is not actually constant across the 17 quantiles, can be used to determine rivalry structures. By using the "classified vs. a prob < 1%; b prob < 5%
